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Person A Person B

Emotion: Neutral

Could you help me prepare for my
#1 presentation on Friday?

Emaotion: Happy

I would love to help you prepare for
0 Jour presetation. ] I would love to help you
prepare for your presentation .

Emotion: Happy
[That's great. [ hope I'm not disturbing

#3 you.
Emotion: Ha Intra-Cause Clue Inter-Cause Clue
: Happy
Emotion: Neutral [#4 That's okay. ] ( \ ( \
When could we get together? et good [ )
L#s i } xEffect get asked ggrfdes oEffect
Emotion: Neutral fi
eel ha
4/{ I could easily give you some time ] XxReact feel happy PPy L oReact )
oo Emotion: Happy ™ #6 tomorrow night. to be [
E Would you like to meet at the coffee i xWant to help you repared oWant
\#7 next door? : \_ / \ prep k )

<«—— Intra-cause utterance
«——— Inter-cause utterance

Figure 2: An example of six types of intra- and inter-cause clues.
Figure 1: An example for intra- and inter-cause utterances triggerir
the emotion of the target utterance.
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Figure 3: The overall architecture of our proposed model.
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j = softmax(W.h! + b,.) (13)

1 N E . '
L=-=>_ > v log(y) (14)

i=1 j=1
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where E is the number of emotion class and y‘f stands for the
ground-truth emotion label of the utterance 7.
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Dataset Dialogues Utterances
Train Val Test Train Val Test
IEMOCAP 120 31 5,810 1,623
DailyDialog 11,118 1,000 1,000 87,170 8,069 7,740
MELD 1,039 114 280 9,989 1,109 2,610

Table 1: Dataset statistics
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Model IEMOCAP DailyDialog MELD
weighted-F1 micro-F1 macro-F1 weighted-F1
ICON 58.54 - - -
DialogueRNN 62.57 55.95 41.8 57.03
DialogueGCN 64.18 - - 58.1
IEIN 64.37 - - 60.72
DialogueCRN 66.2 - - 58.39
RGAT 65.22 54.31 - 60.91
COSMIC 65.28 58.48 51.05 65.21
DialogXL 65.94 54.93 - 62.41
KI-Net 66.98 57.3 - 63.24
SKAIG 66.96 59.75 51.95 65.18
CauAIN (Ours) 67.61 58.21 53.85 65.46
w/o Inter Cause 64.61 54.23 49.53 62.83
w/o Intra Cause 64.66 55.24 48.7 59.52
w/o Causal Clue 63.77 57.2 51.73 65.2

Table 2: Comparison of our model against state-of-the-art baselines.
Intra Cause and Inter Cause are the process of intra- and inter cause
detection, respectively and Causal Clue refers to causal clue gener-
ated from COMET.
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Emotion: Neutral

Hi,um- I think my baggage was lost, and I need
to I guess file a claim or I don't know what.

....................

Emotion: Neutral
{ I'm not sure where it is. We can absolutely ]
ra

keep an eye out for for it for you.

R At o oo A ]
‘oReact: feel worried: /
. oEffect: to find it :G/

Emotion: Neutral

Well, I can't leave without it. I mean, Could you
find out?

....................

Emotion: Neutral

Well, I'm not a miracle worker. I don't know
what I can do for you.

....................

Figure 4: A case that our model gives the correct prediction. The
most two relevant intra- and inter-cause utterances are illustrated
through the process of Causal Utterance Traceback.
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